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Durable Inequality

Spatial Dynamics, Social Processes,
and the Persistence of Poverty in Chicago Neighborhoods

Poverty can trap entire nations and social
groups, not just individuals. The persistence
of poverty among social groupings is perhaps
the more intriguing and surprisingly under-
studied puzzle, especially in the case when it
is not necessarily the same individuals that
make up the groups over time (see also Tilly
1998). In this chapter we consider urban
neighborhoods as one such social grouping
and investigate the durable consequences of
concentrated poverry. . . .

The Persistence of Poverty Regimes

Most urban analyses would agree thar
poverty concentration has increased in recent
decades. For example, Wilson (1987) argues
that the geographical concentration of low-
income residents, especially of African Amer-
icans and female-headed families, stems from
macroeconomic changes related to the dein-
dusrrialization of central ciries and the out-
migration of middle-class residents. Massey
and Denton (1993) argue thar the greater the
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race/class segregation in a metropolitan area,
the fewer the neighborhoods that can absorb
economic shocks and the more severe the re-
sulting concentration of poverty. In either
case, economic stratification by race and res-
idence fuels the neighborhood concentration
of cumulative forms of disadvantage, intensi-
fying the social isolation of low-income, mi-
nority, and single-parent residents from re-
sources that could support collective social
control (see also Jargowsky 1997).

Most research on the “Wilson-Massey” de-
bate has attempred to assess whether the out-
migration of the black middle class or racial
segregation best explain the social transfor-
mation of urban communicies. Of course it
turns out that both mechanisms appear to
have been operative, with the weight of re-
cent evidence pointing to differential out-
migration of the black nonpoor (Quillian
1999). In this chapter we do not attempr a
causal analysis thar adjudicates between these
interpretations. Instead we step back and ask,
just what has been transformed and by how
much? The metaphor of social transforma-
tion implies radical change, a repositioning
of neighborhoods in the ecological system.
What do the dara tell us?

We begin with some basic illustrations of
how neighborhoods in Chicago have
changed over the past three decades with re-
spect to poverty and racial/ethnic composi-
tion. We conceptualize neighborhood as an
ecological subsection of a larger commu-
nity—a collection of both people and insti-
tutions occupying a spatially defined area
that is conditioned by a set of ecological,
socio-demographic, and often political
forces. Operationally, we use the neighbor-
hood boundaries that were constructed for
the Project on Human Development in
Chicago Neighborhoods (PHDCN), an on-
going study explicitly designed to examine
social context. The PHDCN research team
combined Chicago’s 847 populated census
tracts to create 343 “Neighborhood Clusters”
(NCs). The overriding consideration in

forming NCs was that they should be eco-
logically meaningful units composed of geo-
graphically contiguous census tracts and
should be internally homogeneous with re-
gard to distributions on a variety of census
indicators. The study settled on an ecological
unit smaller than the established 77 commu-
nity areas in Chicago (average size = 40,000)
but large enough to approximate local neigh-
borhoods—on average, around 8,000 peo-
ple. Major geographic boundaries (e.g., rail-
road rtracks, parks, freeways), knowledge of
Chicago’s local neighborhoods, and cluster
analyses of census dara were used to guide
the construction of relatively homogeneous
NCs with respect to distributions of racial-
ethnic mix, SES, housing density, and family
organization,

Our initial analysis is based on Census data
from 1970 to 1990. Figure 1 tells a story of
both stability and change in neighborhood
poverty.! On the one hand, there is a very
high correlation (r = .87) between neighbor-
hood poverty rates in 1970 and 1990, as evi-
denced by the strong linear relationship on
the scatterplot. Neighborhoods that were poor
in 1970 generally continued to be poor in
1990. In fact, in supplemental analysis, we de-
composed the rotal variance in neighborhood
poverty rates over the decades 1970, 1980,
and 1990 and found that most of this variance
(67%) is due to differences between neighbor-
hoods rather than differences over time within
neighborhoods, implying that berween-neigh-
borhood differences in poverty were quite sta-
ble over time. On the other hand, there was
also significant change during this time pe-
riod, as the poverty rate for the average neigh-
borhood increased from 11 percent in 1970 to
20 percent in 1990. This change was even
more pronounced at the upper tail of the
neighborhood poverty distribution. The 75th
percentile of the distribution corresponded to
a poverty rate of only 14 percent in 1970, but
by 1990 it had more than doubled, increasing
to 30 percent. In short, there was a dramaric
growth in neighborhood poverty berween
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Figure 1. Persistence of Poverty, 1970-1990: Chicago Neighborhood Clusters

1970 and 1990, but despite this change, there
was stability in the relative rank order of
neighborhoods vis-a-vis poverty. Neighbor-
hood poverty was both a persistent and an in-
creasingly prevalent condition.

To bring the paths of neighborhood
change into sharper relief, we analyze decade-
to-decade change in neighborhood poverty
in table 1, using the following six-category
typology of neighborhood poverty: 0—4.9
percent, 5-9.9 percent, 10-19.9 percent,
20-29.9 percent, 30-39.9 percent, and 40
percent or above. Like mobility tables, the
cross-tabulations displayed in rable 1 depict
inflows and outflows among poverty cate-
gories over time. The upper panel of table 1
displays patterns of neighborhood change
from 1970 to 1980, and the lower panel cov-
ers the time period from 1980 to 1990. The
trend roward more concentrated neighbor-
hood poverty is reflected in the margins of
both tables. Whereas in 1970 only 7 of the
342 NCs (2.0%) had poverty rates of 40 per-
cent or above (a conventional cthreshold for
defining “ghetto poverty” areas), this cate-
gory expanded over time to include 29 NCs
(8.5%) in 1980 and 42 (12.3%) in 1990.
Thus, the number of high-poverty areas in-
creased sixfold from 1970 to 1990. In per-
centage terms, the higher poverty categories
grew more during the 1970s, but the growth
in concentrated poverty continued during

the 1980s. Perhaps the most distinctive fea-
ture of neighborhood change over both
decades was its asymmetrical nature: neigh-
borhoods tended either to stay in the same
poverty category (i.e., cells on the main diag-
onal) or move to a higher poverty category
(i.e., cells to the right of the main diagonal)
over time, but “upgrading” (i.e., cells to the
left of the main diagonal) was quite rare.

Given this asymmetry, it is still important
to distinguish between which neighborhoods
remained relatively stable in terms of poverty
and which got warse over time. We now turn
our attention toward understanding change
in poverty, rather than the level of poverry at
any given period, as our main outcome of in-
terest. Since the trends depicted in table 1 to-
ward higher poverty were pervasive across
both decades, we focus on the combined
time period, 1970-1990. One important
question about change in poverty is how it is
related to “initial” conditions. In other
words, having established that neighborhood
poverty is a persistent condition, we now ask
whether the neighborhoods that experienced
the largest increases in poverty berween 1970
and 1990 were those that were already very
poor or those that were in transition roward
becoming poor.

Figure 2 addresses this question by plotting
the neighborhood poverty rate in 1970 against
the change score (% poor in 1990—% poor



i -

Robert J. Sampson and Jeffrey D. Morenoff

Table 1. Neighborhood “Mobility” in Poverty, 1970-1990 (Row Percentages in Parentheses)

Neighborhood Poverty 1980

Neighborhood
Poverty 1970 0—4.9%  5-99%  10-199% 20-29.9% 30-399%  40%+ Total
0-4.9% 66 33 12 2 0 0 113
(58.4%) (29.2%) (10.6%) (1.8%) (0.0%) (0.0%) (100.0%)
5-9.9% 5 34 53 15 2 0 109
(4.6%) (31.2%) (48.6%) (13.8%) (1.8%) (0.0%) (100.0%)
10-19.9% 0 5 14 34 15 2 70
(0.0%) (7.1%) (20.0%) (48.6%)  (21.4%) (2.9%) (100,0%)
20-29.9% 0 0 3 1 15 7 26
(0.0%) (0.0%) (11.5%) (3.8%) (57.7%) (26.9%) (100.0%)
30-39.9% 0 0 0 0 4 13 17
(0.0%) (0.0%) (0.0%) (0.0%) (23.5%) (76.5%)  (100.0%)
40%+ 0 0 0 0 0 7 7
(0.0%) (0.0%) (0.0%) (0.0%) (0.0%) (100.0%)  (100,0%)
Toral 71 72 82 52 36 29 342
(20.8%) (21.1%) (24.0%) (15.29%) (10.5%) (8.5%) (100.0%)
Neighborhood Poverty 1990
Neighborhood
Poverty 1980 0—4.9% 5-9.9%  10-19.9% 20-29.9% 30-39.9%  40%+ Total
0-4.9% 56 10 5 0 0 0 71
(78.9%) (14.1%) (7.0%) (0.0%) (0.09%) (0.0%) (100.0%)
5-9.9% 8 29 32 3 0 U] 72
(11.1%) (40.3%) (44.4%) (4.2%) (0.0%) (0.0%) (100.0%)
10-19.9% 2 1 45 20 2 2 82
(2.4%) (13.4%) (54.9%) (24.4%) (2.4%) (2.4%) (100.0%)
20-29.9% 0 0 7 24 19 2 52
(0.0%) (0.0%) (13.5%) (46.2%) (36.5%) (3.8%) (100.0%0)
30-39.9% 0 0 0 5 18 13 36
0.0%)  (0.0%) (0.0%)  (13.9%)  (50.0%)  (36.19%)  (100.0%)
40%+ 0 0 0 0 4 25 29
(0.0%) (0.0%) (0.0%) (0.0%) (13.8%) (86.2%) (100.0%)
Total 66 50 89 52 43 42 342
(19.3%) (14.6%) (26.0%) (15.2%) (12.6%) (12.3%) (100.0%)

in 1970). The graph shows that there is a
positive and moderately strong correlation (r
= .52) berween the level of poverty in 1970
and change between 1970 and 1990. That is
to say, poverty increased the most among
those neighborhoods that were already poor
in 1970. In this regard, neighborhood poverty
appears to represent a spiraling trap. For ex-
ample, neighborhoods that were already 40
percent poor in 1970 experienced an aver-
age poverty increase on the order of 31.6

percentage points berween 1970 and 1990,
Figure 2 also shows that the relationship
between initial conditions and change was
not uniform across all neighborhoods. In-
stead, it is conditioned by a third facror,
racial composition. The association was
strongest among neighborhoods that were at
least 75 percent black in 1970 (r = .61) but
weaker among neighborhoods that were at
least 75 percent white (r = .39), and non-
significant among other “mixed” neighbor-
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Figure 2. Initial Condition and Change in Poverty, 1970-1990: Chicago

Neighborhood Clusters

hoods (7 = -.08).2 Thus, the trap of neigh-
borhood poverty was particularly nettlesome
for poor black neighborhoods.

To further elaborate the backdrop of racial
segregation against which the changes in
poverty occurred, we plot the percentage of a
neighborhood’s population thar was black in
1970 against changes in percent black from
1970 to 1990 (% black 1990 — % black
1970) in figure 3. This graph shows thac
racial change is even more asymmetric than
poverty change—the amazing lack of obser-
vations in the lower-right quadrant of the
graph indicates that none of the NCs thar
had large percentages of black population in
1970 lost shares over time. In fact, there ap-
pears to be a clear threshold effect of around

1
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40 percent black, above which all neighbor-
hoods either maintained or increased their
share of black population. As was the case
with poverry, figure 3 tells a story of change
within a stable ecological system: there were
great shifts in neighborhood racial composi-
tion from 1970 to 1990, but neighborhoods
that were initially black stayed that way over
time, while at the same time many areas of
the city remained off limits to blacks. In light
of this pattern, it comes as no surprise that as
of 1990 Chicago had the distinction of being
one of the most racially segregated cities in
America (Massey and Denton 1993).3
Another key to understanding the paths of
neighborhood change with regard to poverty
is geography. Here, the mortivating question
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Figure 3. Asymmetry of Racial Change, 1970-1990: Chicago Neighborhood Clusters
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Figure 4. The Geography of Neighborhood Poverty (1970), Poverty Change
(1970-1990), and Racial Composition (1970): Chicago Neighborhood Clusters

is whether changes in neighborhood poverty
from 1970 to 1990 occurred in a sparially
random fashion or whether they were con-
centrated within certain geographic areas of
the city. If location in space didn’t matter,
bur only a neighborhood cluster’s own his-
tory of poverty did, then a good predictor of
a neighborhood’s 1990 poverty rate would be
its 1970 poverry rate and variations in
poverty from the predicted rate would not
have any spatial pattern. To test this hypoth-
esis, we first estimate the equation:

Poverty90 = a + B*Poverry70 + €.

The expression a + B*Poverty70 is the
1990 predicted poverty rate and € is the devia-
tion or residual from the predicred rate. The
residual reflects the amount of change in a
given neighborhood’s poverty thar is unac-

counted for or unexplained by its initial level
of poverty.® We plor the residual for each
neighborhood cluster in the map in the right
panel of figure 4, and in the left panel the
map displays the spatial distribution of the
level of poverty in 1970.

Neighborhoods where the population was
at least 75 percent black in 1970 were also
very poor (shaded in dark gray). Inidal con-
centrations of poverty—displayed in the
1970 map—were geographically clustered at
the core of Chicago’s black belt, in commu-
nity areas such as Grand Boulevard, Oakland,
Woodlawn, and Englewood to the south; and
Garfield Park and North Lawndale along the
western corridor. The second map displays
residual change in poverty from 1970 to
1990. The change map shows that between
1970 and 1990 relative increases in poverty
were found, not at the core of Chicago’s black



ghetto, but in neighborhoods along the pe-
riphery, which pushed further outward with
each succeeding decade (see Morenoff and
Sampson 1997). Side-by-side, these two
maps fit together like a jigsaw puzzle, reveal-
ing that most of the “unexpected” change in
poverty was occurring in close geographic
proximity to high initial rates of poverty.

Explaining Poverty Trajectories

Our next set of analyses tackles the mulndi-
mensional predictors of change in neighbor-
hood poverty. In so doing, we pay special at-
tention to two factors highlighted in our
descriptive analyses: 7nitial conditions and the
spatial dynamics of poverty. Our dependent
variables are the two types of change scores de-
scribed above: the “raw” change score used in
figure 2 (% poor 1990—% poor 1970) and
residual change score used in figure 4. In mod-
eling raw change, we use the 1970 poverty rate
as a predictor to examine the extent to which
neighborhood poverty is a path-dependent
process. Based on prior research we include a
core set of other predictors in this model: 1970
Census measures of percent black, percent
Hispanic, percent owner-occupied homes, as
well as raw change between 1970 and 1990 in
percent black, percent Hispanic, and percent
owner-occupied. The residual change score al-
ready filters out the effect of path dependence,
leaving us to model the “unexpected” change
in poverty berween 1970 and 1990. We in-
clude the same control variables, only here all
1970-1990 change measures are expressed as
residual change scores. Thus, our staristical
models allow us to assess the robustness of the
overall process by predicting either raw change
or residual change as a function of initial level
and change in racial/ethnic composition and
owner occupancy, controlling for initial
poverty status.

Building on the exploratory analysis pre-
sented in figure 4, we also address the no-
tion of spatial dependence in our statistical
models. In this case, spatial dependence
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refers to the idea that change in a given
neighborhood’s poverty rate is conditional
on poverty changes in surrounding neigh-
borhoods. Such dependence could come
about if changes in poverty are the result of
ecological dynamics that extend beyond the
boundaries of a given neighborhood, such
as the distribution of institutional resources
that influence housing decisions—such as
the quality of local schools—and other fac-
tors thart trigger patterns of residential mo-
bility, such as violent crime (Morenoff and
Sampson 1997). The important theorerical
point is that neighborhoods should not be
treated as islands unto themselves, as they
are in conventional regression analyses, be-
cause it is likely that factors affecting
poverty change in one place also affect
changes in nearby places, much like a ripple
or diffusion process.

We estimate spatial dependence by con-
structing “spatially lagged” versions of
change in poverty. We define y, as the change
in poverty from 1970 to 1990 (either raw or
residual change) in NC, and w, as element
i,j of a spatial weights martrix that expresses
the geographical proximity of NC, to NC,
(Anselin 1988, 11). For a given observation
i, a spatial lag, defined as E’w,j_yj. is the
weighted average of poverty change in neigh-
boring locations. The weights matrix is ex-
pressed as first-order contiguity, which de-
fines neighbors as those NCs that share a
common border. Thus, w=1 if 7 and j are
contiguous, 0 if not. We then test formally
for the independent role of spatial depen-
dence in a multivariate model by introducing
the spatial lag as an explanatory variable. The
spatial lag regression model is defined as

y=pWy+ B +e (1)

where y is an N by 1 vector of observations
on the dependent variable; Wy is an V by 1
vector composed of elements El.wfj_y}.. the

spatial lags for the dependent variable; p is the
spatial autoregressive coefficient; X is an NV by
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K matrix of exogenous explanarory variables
with an associated K-by-1 vector of regres-
sion coefficients B; and € is an N-by-1 vector
of normally distributed random error terms,
with means 0 and constant (homoskedastic)
variances.

A common but misleading interpretation
of p is that for a given neighborhood, i, it
simply represents the effect of a one-unit
change in the average rate of change of /s
first-order neighbors on the poverty change
rate of 7. This interpretation would seem to
suggest a diffusion process, whereby a high
rate of “ghetto formation” in one neighbor-
hood diffuses outward and affects the
growth in poverty in surrounding neighbor-
hoods. However, the interpretation of p as a
pure diffusion (or feedback) mechanism—
the effect of a one-unit change in Wy on y—
is incorrect and does not capture the com-
plexity of the spatial process specified in
equation 1. By extending the logic of equa-
tion 1, we can demonstrate that the spatial
lag model also incorporates the values of the
measured X variables and the € term (i.e.,
unmeasured characreristics) in spatially
proximate neighborhoods. According to
equation 1, the value of y ar location 7 de-
pends on the values of X and € at location ¢
and on values of y in /s first-order neigh-
bors. In turn, the first-order neighbors’ val-
ues of y are functions of X and € in /s first-
order neighbors and y in /s second-order
neighbors, and so on. This process continues
in a steplike fashion, incorporating the
neighborhood characteristics of successively
higher-order neighbors of 7 (see also Tolnay
er al. 1996), so that a change in X or € at lo-
cation { influences not only the value of y at
location 7 but also (indirectly) at all other lo-
cations in Chicago. This spatial process can
be expressed mathematically by rewriting
equation 1 as follows:

(2) y=XB + pWXB + p?W2XB +. ..
+ peWnXB + € + pWe + p2Woe +. . .
+ pmWme,

where m =, Equaton 2 is also known as
the “spatial multiplier” process, because it
shows thart the spadial regression model treats
spatial dependence as a sort of ripple effect.’
The p coefficient from the spatial lag model
thus caprures spatial “exposure” to the ob-
served (X) variables, spatial exposure to un-
observed predictors, and endogenous feed-
back in poverty change. Similar to the
inclusion of endogenous explanatory vari-
ables in systems of simultaneous equations,
we estimated the spatial lag models with
maximum likelihood (Anselin 1995).

The results for the spatial lag models of
raw change and residual change, displayed in
table 2, show that consistent findings emerge
across the two specifications of change. First,
poverty change appears ro be both a path-
dependent and spatially dependent process.
The path dependence is reflected in the sig-
nificant coefficient for percent poor in 1970
on raw change in poverty. The spatial depen-
dence coefhicient is also highly significant in
both models, suggesting poverty change in
one place is conditioned by similar changes
in nearby places. Both models also imply
that neighborhoods that experienced greater
increases in percent black berween 1970 and
1990 experienced significant growth in
poverty change over that time period, but
prior initial concentrations of black popula-
tion were associated only with raw poverty
change, not residual change. This finding
doverails with the residual change map in fig-
ure 4, which showed that most poverty
change occurred around rather than in
Chicago’s traditional black belt. The models
also suggest that owner occupancy acts as a
buffer against poverty—higher prior levels
and change in owner occupancy were both
associated with significant declines in
poverty over time. The initial distribution
of the Hispanic population was not a signif-
icant predictor of poverty change in either
model, but increases in Hispanic composi-
rion over time were associated with growing
poverty rates. This implies thar the substan-
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Table 2. Maximum Likelihood Spatial Regression Models of Change in Poverty, 1970-1990

Raw Change in Residual Change in

Y Poor 19701990 Y% Poar 19701990
Statistic Coeff. Std. Frr. Coeff.  Std. Err.
% Poor 1970 0.25 (0.06)**
Sparial Dependence 0.27 (0.06)** 0.31 (0.06)**
%Black 1970 0.04 (0.01)* 0.01 (0.01)
Change (raw/residual) %Black 1970-90 0.14 (0.02)*= 0.14 {0.02)"*
%Hispanic 1970 -0.01 (0.03) 0.03 (0.03)
Change (raw/residual) %Hisp 1970-90 0.11 (0.02)"* 0.12 (0.02)**
%Owner Occupied 1970 -0.12 (0,02} -0.06 (0.01)*"
Change %Own Occ 1970-90 -0.34 (0.06)** -0.26 (0.05)*
Intercepr 6.03 (1.56)* 2.11 (0.89)*
R? 0.62 0.47

"p<.05; **p <01

tial inflow of Hispanic migrants to Chicago
from 1970 to 1990 (most of it occurring
from Mexican migration) does explain part
of the increase in neighborhood poverty
over time,

Consequences of Inequality

Now that we have a reasonable sense of tem-
poral and spatial dynamics, the third part of
our analysis tackles the legacy of durable in-
equality for key social processes in urban
neighborhoods. This analysis speaks most di-
rectly to the idea of neighborhood poverty
traps. We begin with a focus on how poverty
undermines mechanisms of social organiza-
tion in modern cities that may be facilitated
by, but do not require, strong {or dense) ties
and associations.

Erosion of Collective Efficacy

As Warren (1975, 50) noted some time back,
the common belief that neighborhoods have
declined in importance as social units “is
predicated on the assumption that the neigh-
borhood is exclusively a primary group and
therefore should possess the ‘face-to-face,” in-
timate, affecrive relations which characterize
all primary groups.” Rejecring this out-
moded assumprion about the function of
local communities in mass society, Sampson

et al. (1997) highlighted the combination of
a working trust and shared willingness of res-
idents to intervene in situations that bear on
social order and the sustainability of commu-
nities. This linkage of trust and cohesion
with shared expectations for control was de-
fined as “collective efficacy.” We argued thar
just as self-efficacy is situated rather than
global (one has self-efficacy relative to a par-
ticular task), a neighborhood’s efficacy exists
relative to specific tasks such as maintaining
public order. . . .

We suggest that collective efficacy, like so-
cial capiral, is endogenous to structural and
cultural contexts (Bourdieu 1986). Sampson
et al. (1997) argue that extreme resource de-
privation and racial exclusion acr as a cen-
trifugal force that hinders collective efficacy.
Even when personal ties are strong in areas of
concentrated disadvantage, daily experiences
with uncertainty, danger, and economic de-
pendency are likely to reduce expectations
for taking effective collective action (Wool-
cock 1998, 207). Wilson's (1987) “socially
isolated” areas, for example, are thoughr to
be characterized by dense personal ties that
are nonetheless disconnecred from the capac-
ity to capture resources from the larger soci-
ety. Lack of collective capacity in turn ren-
ders a neighborhood vulnerable to further
decay and a relative lack of desirability in cthe
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pecking order of places to live. Therefore, we
hypothesize that if concentrated poverty
serves as a trap, it does so partly through a
“vicious circle” whereby collective efficacy is
undermined, itself setting in motion a cas-
cading set of disadvantages (outmigration,
violence) that contribute to deepening and
reinforcing poverty. We are not able to model
these feedback processes, but we can rake a
first step by looking art the predictive effects
of initial conditions and change in poverty
on later collective efficacy. If these prove con-
sequential, there is reason to explore more
deeply the connection of declines in collec-
tive efficacy with reciprocal declines in the
social position of neighborhoods and ulti-
mately the stratification of places.®

“Anomie” and Cynicism
Our focus on another outcome draws inspira-
tion from the classic Durkheimian notion of
anomie—a state where the rules of the domi-
nant society, and hence the legal system, are
no longer perceived to be binding in a com-
munity or for a population subgroup (Kapsis
1978, 1139). Anomie in this sense is con-
ceived as part of a social system and not
merely a property of the individual, breeding
a sense of normlessness, perceived lack of
control, and ultimately moral cynicism about
the rules of the society and their application,
regardless of individual values. A key ingredi-
ent of cynicism is lack of trust in the larger
society. While conceprually different, there is
thus an analogy between the emphasis in col-
lective efficacy on active control and trust in
neighbors with the idea thac underlying cyni-
cism is a lack of trust in societal institutions.
There are strong theoretical reasons to ex-
pect that moral and legal cynicism are conse-
quences of deprivation. Bullough (1967) and
Kapsis (1978) suggest that members of eco-
nomically and racially isolated communities,
especially those least able to exercise political
influence to obtain community services, are
more likely than others to report alienation

and powerlessness. Sampson and Bartusch
(1998) argue that concentrated poverty fos-
ters a sense of cynicism and detachment from
notions about self- and societal control.
There is also speculation in the literature on
poverty traps that attenuation in perceived
locus of control might be one of the causal
links thar serves to reinforce poverty (Bowles
2000). It follows that pronounced cynicism
and anomie set in motion a self-fulfilling
prophecy of sorts; to the extent that commu-
nities maintain a reputation or actual con-
duct that sets them apart from striving for
societal success in rraditional ways, their eco-
nomic status will be further undermined. . . .

In short, we propose that subcultures of
moral and legal cynicism and the attenuation
of social efficacy are not necessarily (or only)
about individual-level variations, especially
those by race/ethnicity. Individual-level vari-
ations still matter, on the other hand, a point
Fischer (1995, 548-49) carefully acknowl-
edges in a call for contextually based research
on subcultural orientations. We therefore in-
tegrate these analytical perspectives by simul-
taneously examining individual-level varia-
tions in moral/legal cynicism and collective
efficacy in conjunction with an analysis of
whether structural characreristics explain
their neighborhood-level variance—above
and beyond the socio-demographic charac-
teristics of the people residing in those
neighborhoods. In this way we partition the
variance in efficacy and cynicism into between-
individual and between-neighborhood com-
ponents, with our main theorerical interest
residing in the lacter.

Survey Data and Methodology

We use the Community Survey of the Pro-
ject on Human Development in Chicago
Neighborhoods (PHDCN), a multidimen-
sional assessment by residents of the struc-
tural and cultural properties of their neigh-

borhoods in 1995. ...



Modifying Srole’s (1956) anomie scale, ¢yn-
icism is measured by five items assessing beliefs
about the legitimacy of law and social norms
(see also Sampson and Bartusch 1998). Re-
spondents reported their level of agreement
with five statements: “Laws were made to be
broken”; “It’'s okay to do anything you want as
long as you don't hurt anyone”; “To make
money, there are no right and wrong ways
anymore, only easy ways and hard ways”;
“Fighting between friends or wichin families is
nobody else’s business”; and “Nowadays a per-
son has to live pretty much for today and let
tomorrow take care of itself” (1 = strongly dis-
agree, 2 = disagree, 3 = neither agree nor dis-
agree, 4 = agree, and 5 = strongly agree). The
common idea is the sense in which laws or so-
cietal rules are not trusted or considered bind-
ing in the present lives of respondents. Taken
as a whole, that is, the items tap variadon in
respondents’ ratification of acting in ways that
are faralistic and “outside” of common-law
understanding.

To assess collective efficacy, we replicate
Sampson et al. (1997) and combine two re-
lated scales. The first is a five-item scale tap-
ping shared expectations for social control.
Residents were asked about the likelihood
that their neighbors could be counted on to
take action if: children were skipping school
and hanging out on a street corner, children
were spraypainting graffiti on a local build-
ing, children were showing disrespect ro an
adult, a fight broke ouc in front of their
house, and the fire station closest to home
was threatened with budger cuts. Social co-
hesion/trust was measured by asking respon-
dents how strongly they agreed that “People
around here are willing to help their neigh-
bors”; “This is a close-knit neighborhood”;
“People in this neighborhood can be
trusted”; “People in this neighborhood gen-
erally don't ger along with each other” (re-
verse coded); and “People in this neighbor-
hood do nor share the same values” (reverse
coded). Social cohesion and informal social
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control were strongly related across neigh-
borhood clusters (» = .80), and, following
Sampson et al. (1997), were combined into a
summary measure of the higher-order con-
struct, “collective efficacy.” The aggregate-
level ar “ecometric” reliability (see Rauden-
bush and Sampson 1999) of collecrive
efficacy is .85.

The nested structure of the PHDCN dara
is addressed by adapting hierarchical linear
models (HLLM) thar account for the nonin-
dependence of observations within neigh-
borhood contexts (Bryk and Raudenbush
1992). We estimate two equations simulra-
neously: within-neighborhood and between-
neighborhood.

Our analysis strategy accounts for a rich
array of individual and neighborhood co-
variates. The within-neighborhood model
regresses our measures of cynicism and col-
lective efficacy on ten person-level character-
istics: race/ethnicity (composed of indicators
for Larino-American, non-Latino African
American, and “other”; non-Latino Cau-
casian is the reference category); a composite
measure of sacioeconomic status (first princi-
pal component of education, income, and
occupational prestige); sex (1 = female, 0 =
male), marital status (composed of separate
indicarors for married and separated or di-
vorced); home ownership, mobility (number
of moves in the past five years); and age.
Using cynicism as the example, the within-
neighborhood model can be written as:

(Cynicism}ij: o * 2 B‘:__XM + e,

g=1-10

where B, is the intercept; X is the value of
y ) 2 qu R
covariate g associated with respondent _ in
neighborhood ; and B is the partial effect of
that covariate on cynicism. The error term,
¢, is the unique contribution of each indi-
vidual, which is assumed to be indepen-
dently, normally distributed with consrant
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variance 2. Importantly, because the per-
son-level covariates are centered about the
sample means, B3 is the mean cynicism in a
neighborhood after the effects of the ten
person-level covariates have been adjusted.

The core between-neighborhood model
can be written as:

|3ﬂJ =B, + 0, (1970 Poverty)

+0,, (A in Poverty 70-90)

+6,, (1970 Black)

+ 0, (A in Black 70-90)

+ 6. (1970 Latino)

+ 0, (A in Latino 70-90)

+ 8. (1970 Home-ownership)

+ 8, (A in Home-ownership 70-90)

+ 8, (1990 Densicy)

+ 6, (1990 Log Populacion Size) + UH!
where 0, is the average cynicism score, and
f,, to 8, are the regression coefficients of
the estimated effects of the structural pre-
dictors (1970 and change scores) on the ad-
justed neighborhood level of cynicism. We
also include population density and size in
1990 based on previous research linking
them to 1995 social processes in the
Chicago data (Sampson et al. 1999). UU;. is
the neighborhood-level error term, or the
unique contribution of each neighborhood,
assumed to be normally distributed with
variance 7. Based on preliminary analysis,
we constrain  all  within-neighborhood
slopes to be constant across neighborhoods.
Our interest is in the main effects of
poverty on variance across neighborhoods
in legal cynicism and collective efficacy, ad-
justing for individual-level differences in
socio-demographic composition.

Results

Table 3 presents the coefficients and srandard
errors of the HLM decomposition of vari-
ance for both cynicism and collective eff-
cacy. Model 1 presents just the person-level
predictors to reveal differential patterns in

the data as we integrate levels of analysis.
Note that the coefficient for African Ameri-
cans is both positive and significant {p <.01),
meaning that blacks report higher levels of
cynicism and lower levels of collective effi-
cacy than do whites. The other pattern is
thar higher-SES respondents, females, older
respondents, and those either married or sep-
arated/divorced report lower levels of es-
trangement from societal norms. For collec-
tive efficacy, on the other hand, sex and
marital status are not important, while
home-ownership and residencial mobility
emerge as strong predictors.

Model 2 introduces neighborhood con-
text into the picture. Race/ethnic composi-
tion, home ownership, density, and popula-
tion size all fail to predict neighborhood
variance in cynicism. By contrast, concen-
trated poverty in 1970 and increases in
poverty from 1970 to 1990 emerge as inde-
pendent and significant predictors of both
cynicism and collective efficacy in 1990.7
The greater the initial level of concentrated
poverty, and the greater the unexpected in-
creases in concentrated poverty, the more
cynical and collectively inefficacious the
neighborhood turns out to be, adjusting for
the individual characteristics of the survey
respondents (see also Cohen and Dawson
1993). Moreover, once neighborhood-level
differences are accounted for, the coefficient
for blacks is reduced to insignificance.
Other person-level predictors do not
change. For example, the coefficients for
SES, marital status, and sex remain invari-
ant, whereas the coefficient for African
Americans is cut by almost 50 percent.

A similar pattern obrains for collective
efficacy, although here the reduction in the
coefficient for blacks is even greater in
scope—it declines by approximately 70
percent when neighborhood characteristics
are added to the model. The coefficient for
“other” race drops as well for both outcomes,
although it remains marginally significanc



Table 3. Individual- and Neighborhood-Level Predictors of Cynicism and Collective Efficacy: PHDCN, 1995

Cynicism Collective Efficacy
(1) (2} (3) (1) (2) (3)
Coeff.  Sid. Err. Coeff, Std. Err. Coeff.  Std. Err. Coeff. Std. Err. Coeft. Std. Err. Coeff. Std. Err.
Intercept 236 (0.01)* 2.32  (0.21)* 2,30 (0.21)* 0.02  (0.04) -0.03  (0.71) 0.24  (0.71)
Individual-Level
Female -0.07  (0.02)* -0.07  (0.02)** -0.07  (0.02)*" -0.03  (0.04) -0.03  (0.04) -0.03  (0.04)
Married -0.11  (0.02)* 011 (0.02)* -0.11  (0.02)"* 0.05  (0.04) 0.03  (0.04) 0.03  (0.04)
Separated/Divorced -0.07  (0.02)*" -0,.07  (0.02)"* -0.07  (0.02)"" 0,06 (0.06) -0.06  (0.0%) -0.06  (0.05)
Own Home -0.01  (0.02) -0.01  {0.02) -0.01  (0.02) 0.41  (0.05)** 0.33  (0.05)** 0.33  (0.05)**
Black 0.09  (0.02)** 0.05  (0.03) 0.05  (0.03) -0.31  (0.08)** -0.09  {0.09) -0.08  (0.09)
Hispanic 0.04  (0.02) 0.03  (0.03) 0.02  (0.03) -0.03  (0.07) 0.10  (0,07) 0,11  (0.07)
Mobility 0.01 (0.01) 0.01 (0.01) 0.01  (0.01) -0,06  (0.02)** -0.06  (0.02)** -0.06  (0.02)"
Age 0.00 (0.00)** 0.00  (0.00)"* 0.00  (0.00)** 0.01  (0.00)** 0.01  (0D.00)** 0.01  (0.00)**
SES -0.10 0 (0.01)* -0.10  (0.01)* -0.10  (0.01)*" 011 (0.02)* 0.09 (0.02)*" 0.09  (0.02)"*
Orher Race 0.09  (0.03)** 0.07  (0.03)" 0.07  (0.03)* -0.24  (0.08)*" -0.11  (0.08) -0.11  (0.08)
Neighborhood Level
Pcpu!:nion Densiry 1990 0.00  (0.00) 0.00  (0.00) 0.00 (0,00)*" 0.00  (0.00)**
2%0wner Occupied 1970 0.09  {0.06) 0.09  (0.06) 0.39  (0.18)* 0.28 (0.18)
%Poor 1970 0.42  (0.19)" 0.40  (0.19)* -1.44  (0.54)* -1.07  (0.54)"
%Black 1970 0.02  (0.05) 0.02  (0.05) -0.37  (0.14)* -0.16  (0D.16)
Y6Hispanic 1970 0.01  (0.08) 0.00  (0.09) -0.51  (0.24)" -0.17  (0.26)
Resid Change Y%Poor 1970-90 0.34  (0.15)" 0.32  (0.14)° -2.47  (0.46)*" -2.22  (0.44)*"
Resid Change %Black 1970-90 -0.04  (0.07) -0.06  (0.08) -0.54  (0.22)* -0.31  (0.24)
Resid Change %0wn Occ 1970-90 0,06 (0.16) -0.05  (0.16) 1.12  (0.49)" 1.24  (0.48)**
Resid Change % Hisp 1970-90 0.06  (0.07) 0.05  (0.07) -0.60  (0.18)*" -0.44  (0.19)*
LN Tortal Pop 1970 -0.37  (2.33) -0.29  (2.40) 5.20 (7.79) 10,38 (7.77)
LN Homicide Rate 1970 -0.39  (0.82) -4.08 (2.51)
LN Homicide Rate 1990 0.76  (0.86) -6.22  (2.75)*
%Var explained ar individ level 4.48 4.56 4.55 2.19 2.58 2.59
%Var explained at neighb level 57.36 58.81 58.49 42,08 74.95 75.97

Note: All neighborhood-level coefficients and standard errors have been multiplied by 100.

*p <05 ""p <01
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for cynicism. It seems, then, that African
American status is confounded with neigh-
barhood context—blacks appear more cyn-
ical and perceive lower efficacy because
they are disproportionately likely to live in
residential environments of concentrated
and increasing poverty. As we have already
shown, the magnirude of difference in resi-
dential niches by race/ethniciry is strik-
ing—African Americans, relative to both
whites and Latinos, are much more likely
to reside in ecologically distinct environ-
ments of poverty. The darta suggest that it is
precisely this contextual reality of ecologi-
cally structured disadvantage—and not
race at the individual level—thart is the dri-
ving component of the legal cynicism and
collective efficacy results.

Another interesting fact in table 3 is that
collective efficacy is shaped more by initial
structural context and ensuing dynamics
than is cynicism. More of the neighbor-
hood variance is explained in collective ef-
ficacy compared to cynicism (75% and
59%, respectively), and a larger number of
structural-dynamic factors predict collec-
tive efficacy. For example, areas character-
ized by high levels of minorities (Latino
and black) in 1970 and residual changes in
minorities from 1970 to 1990 experience
lower levels of collective efficacy in 1995,
regardless of individual-level race/ethnicity.
[t may be that segregated minority areas are
stigmatized in ways that lead to reduced
trust and expectations for social control.
Another factor that stands out is one often
overlooked in the explanation of poverty
traps—home ownership (see Hoff and Sen
2000; Galster 1987). In our data, both the
initial level and residual change in home
ownership are clear contextual predicrors of
increased collective efficacy.

In any case, the main message from the
results in table 3 that we would like to em-
phasize is the consistent predictive power of
initial poverty and changes in poverty for

explaining later social-process outcomes.
This pattern holds up even when we intro-
duce measures of neighborhood violent
crime (Model 3). Because we know that
concentrated poverty is linked to violent
crime (Sampson et al. 1997), it is important
to explicitly entertain this rival hypothesis.
For example, it may be that experience with
personal victimization or the perception of
rampant crime in the neighborhood breeds
hopelessness and cynicism about social
norms of responsibility and action. We con-
struct measures of violent crime by taking
the log of the homicide rate in 1970 and
1990. Although concentrated poverty is
rather highly correlated with the homicide
rate (r = .65 in 1970 and .64 in 1990, p <
.01), rthe results are invariant to the latrer’s
consideration. This test reveals thar lagged
concentrated poverty and recent increase in
poverty continue to be robust predictors of
legal cynicism and collective efficacy, ad-
justing not only compositional differences
but also rates of violent crime in the neigh-

borhood.

Conclusions

Based on our three sets of analyses, we offer
the following tenrative conclusions:

First, poverty is stubbornly persistent in
terms of its neighborhood concentration,
which is somewhat surprising when consid-
ered in relation to the common emphasis in
urban poverty writings on the notion of
urban social rransformartion (Wilson
1987). While poverty did increase in the
1970s and 1980s, its pathways were set by
initial conditions.

Second, and relatedly, neighborhoods re-
main remarkably stable in their relative eco-
nomic standing despite the inflow and out-
flow of individual residents. In facr, about
70 percent of the variance in poverty lies
between neighborhoods rather than within
neighborhoods over time, which means that



the overall pattern of neighborhood in-
equality did not change much over time.
There is something enduring about the
poverty vulnerability of neighborhoods that
is not simply a matter of the current income
of residents.

Third, what change does occur reveals
strong patterns of asymmetry by race and
class, suggesting that once a neighborhood is
beyond a certain threshold or “tipping point”
of either percent black or percent poor—but
especially the former—further change is in-
variably in the direction of greater racial ho-
mogeneity and more poverty. Amazingly, not
one neighborhood more than 40 percent
black in 1970 became predominantly white
at a later time (figure 3). By conrrast, a large
number of white neighborhoods turned
black even as the polar extremes (all-black
and all-white neighborhoods) remained the
dominant parttern. Neighborhoods also
tended either to stay in the same poverty cat-
egory or move to a higher poverty category
over time (rable 1)—upgrading (e.g., gentri-
fication) was quite rare art least from 1970 to
1990.8 Linear models fail to caprure these di-
mensions of asymmetric change.

Fourth, in multivariate analyses we
demonstrated that initial conditions of
poverty independently predicr the rate of in-
crease in later poverty controlling for race,
ethnicity, and home ownership. This conclu-
sion holds whether or not we examine raw
change or residual changes that take account
of the city’s baseline levels of poverty. Fur-
thermore, black neighborhoods are at special
risk for rapid poverty increases, whereas
home ownership emerges as a major protec-
tive facror ar the neighborhood level.

Fifth, neighborhoods that changed the
most were those that were spatially proxi-
mate to initial concentrations of poverty, so
poverty change was geographically system-
atic—so much so thar sparial proximiry to
change in poverty macters as much as the in-
ternal characteristics of a neighborhood, in-
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cluding its inicial level of poverty. In particu-
lar, proximirty to increasing poverty is directly
related to the rate of change in poverry—
whether raw or residual changes relative to
the city as a whole.

Finally, the consequences of durable and
increasing poverty appear to be long-lasting,
art Jeast with respect to predicting key social
processes. Controlling for the socio-demo-
graphic location of individual respondents,
both persistent poverty and increases in
poverty from 1970 to 1990 predict lower
collective efficacy and the moral cynicism of
neighborhood residents in 1995—a span of
some twenty-five years, This finding is con-
sistent with the scenario that cerrain urban
neighborhoods get locked into structural dy-
namics that generate systematic social
processes that in turn may contribute to their
further stigmatization and deepening of

poverty.

NOTES

1. We measure neighborhood poverty as the per-
centage of families in poverty and refer ro this mea-
sure hereafter as either neighborhood poverty or rhe
neighborhood poverty rate.

2. This “mixed” category does include one neigh-
borhood that was 79.7 percent Hispanic in 1970.
However, no other neighborhoods in this category
had a 75 percent majority of any one racial/ethnic
group. If this one Hispanic neighborhood, which in-
creased from 18.9 percent poor in 1970 to 35.1 per-
cent poor in 1990, is removed and the correlation be-
tween poverty in 1970 and change berween 1970 and
1990 is recalculated for the mixed category, the corre-
lation becomes even more negative (r = —.12), but still
not significant, in part because of the small sample
size (7 = 31). Nonetheless, this analysis suggests that
the dynamics of neighborhood change were some-
what different in mixed neighborhoods; we intend to
investigate this issue further in furure research.

3. We would note, however, that segregation
seems to increase with increasing percent black in a
merropolitan area. Many ciries in places such as
Maine, New Hampshire, and Montana have ex-
tremely low segregation levels, bur then again these
places are also almost lily white. We would be hard
pressed to consider them racially progressive.
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4. Residual change scores have the advantage over
raw change scores of being statistically independent
of initial levels of poverty. In addition, since all NCs
in Chicago were used to estimare the regression
equarion upon which the residuals are compured,
these change scores incorporate the dynamics of the
entire ecological system (see also Bursik and Webb
1982).

5. Because p is multiplied by the B coefficient for
cach X variable in equation (2), and 0 = p = 1, it is
possible to think of p as the rate at which the “ef-
fects” of each X variable are "discounted” in contigu-
ous neighbors. Thus, if p = .50, then the effects of
the average level of X in the first-order neighbors
(Wa) will be half as scrong as they are in the focal
neighborhood. In the second-order neighbors, the
effect will be reduced by one-quarter the size of B
(.50 = .25), and so on for each successive order of
contiguity.

6. There are alternative interpretations of how
neighborhoods become trapped in poverty, the most
common one being the differential selection of indi-
viduals into and out of neighborhoods. Poor neigh-
borhoods are often seen as undesirable, especially
with respect to housing (Galster 1987), and so it fol-
lows thar richer individuals are better able to capital-
ize on the desire for living in better endowed neigh-
borhoods. Such a natural “sorting” process would
imply thar poverty changes are unevenly spread
throughout the city. On the other hand, racial segre-
gation is clearly a barrier to the pure selection argu-
ment (Massey and Denton 1993)—neighborhoods
may be said to select individuals as well, constraining
their sorting decisions. Moreover, our theoretical ar-
gument implies that neighborhoods that are the
poorest have the least collective capacity to counter
threats to neighborhood quality, and so their public
spaces, local government services, level of crime, and
rate of housing abandonment will make them the
least desirable neighborhoods and increase their
stigma, leading to further decline. As noted carlier,
the data needed to fully disentangle these processes
are not available (for a discussion of different ap-
proaches and an assessment of the evidence on mi-
gration, see Quillian 1999).

7. Because of the correlation berween initial status
and percentage change in poverty, for these analyses
we examine tesidual poverty change from 1970 to
1990, which is, by definition, independent of 1970
poverty. We prefer residual poverty on theoretical
grounds as well, because the ongoing ecological dy-
namics of Chicago neighborhoods are taken as the
backdrop against which changes in poverty are as-
sessed (see also Bursik and Webb 1982),

8. We acknowledge that focusing solely on
poverty rates, which tap only one end of the distrib-
ution of neighborhood socioeconomic status, may
lead us to understate the amount of gentrification
that did rake place. Morcover, gentrification may
have occurred at a geographic level lower than that
of the neighborhood cluster, such as the census tract
or block group. We are currently exploring this issue,
along with an analysis of concentrated afuence that
explicitly takes into account the upper end of the in-
come distribution. Interestingly, our preliminary
analysis reveals that initial conditions of poverty in
1970 do predicr later pathways of economic change
at the upper end of the distribution. Specifically,
using an inequality measure that taps the propor-
tional balance of incomes (affluent families — poor
families/total families), poverty in 1970 shows a
strong negative relationship o later concentrated af-
fluence. Once a neighborhood reached approxi-
mately a 25 percent level of poverty in 1970, it never
climbed above 0 (equality) on the proportional in-
equality index in later decades.
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